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¢ Doshi-Velez et. al, ,Towards A Rigorous Science of Interpretable
Machine Learning”, arXiv, 2017.
¢ C. Molnar, Interpretable Machine Learning, e-book, 2019.
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¢+ Z. C. Lipton, ,The Mythos of Model Interpretability,” in CML Workshop on Human Interpretability in Machine Learning (WHI 2016), New York, NY, 2016.
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% Gaspar Csaba, Balogh Ndra, Rabatin Gabor. Interpretalhato felligyelt gépi tanulasi modellek
fejezet a Digitalis Transzformdacié Technoldgiai kérdései c. konyvben, Gondolat kiadd, 2021.


https://unsplash.com/@benwhitephotography?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/explain?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

Interpretalhatdosagi modszerek

Felugyelt tanulas esetén

Fontossagi mutatok

Globalis

PDP,ICE

modszerek
Interpretalhaté modellek
Interpretalhatdsig < Globalis helyettesitd

modellek
Modellfiiggetlen
modszerek

SHAP

Lokalis

modszerek

LIME

Lokalis helyettesit
modellek




Ingatlan
ertekbecsles

https:/ /www.kaggle.com/competitions/
me-ingatlan-com/data



https://unsplash.com/@kimsondoan?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText
https://unsplash.com/s/photos/housing?utm_source=unsplash&utm_medium=referral&utm_content=creditCopyText

Interpretalhatdosagi modszerek

Felugyelt tanulas esetén

Fontossagi mutatok

Globalis

PDP,ICE

modszerek
Interpretalhaté modellek
Interpretalhatosig < Globalis helyettesitd

modellek
Modellfiiggetlen
modszerek

SHAP

Lokalis

modszerek

LIME

Lokalis helyettesit
modellek

10



Interpretalhatdo modellek
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Interpretalhatdo modellek

véltozé importances

panel_flag 0.552869
elevator_type 0.206004

panel_flag <= 0.5 property_condition_type 0.082493
Squamd_error = 27410209327.552 property area 0.076400
samples = 137138
value = 407756.58 konvection gas burner_heating_type 0.053431
elevator_type <= 0.5 property area <= 52.5
squared_error = 28989777879.096 squared_error = 5415944068.788
samples = 102733 samples = 34405
value = 445857.064 value = 293988.9
konvection gas burner_heating_type property_area <= 32.5 property_condition_type <= 4.5
squared_error = 24009197817.7 squared_error = 5410887641.74|squared_error = 4012968020.544
samples = 67542 samples = 17022 samples = 17383
value = 412340.91 value = 320941.384 value = 267596.149
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Partial Depedence Plot (PDP)
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Partial Depedence Plot (PDP)
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% PDPBOX python library, SauceCat, 2018. 15
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higher < lower
f(x) base value
2.578e+5 3.078e+5 338,436.03 578e+5 4.078e+5 4 578e+5 5.078e+5 5.578e+5
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+* SHAP python library, Scott Lundberg, 2018.
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